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Abstract. Science, commerce, law, medicine, engineering, research, academia, 

media, communications, etc. have all been touched and revolutionized by in-

creasing dependence on technology. Technology has developed to a micro ex-

tent where every action and behavior of persons and situations can now be mon-

itored in real time affecting our lives, our politics and our economies. Technol-

ogy advancement in areas such as networking, data archiving, data mining, 

cloud computing, automation, algorithms, machine learning has also trans-

formed the way businesses interact with each other and their analysis of markets. 

Further, the pandemic as a result of widespread novel coronavirus – 2019 has 

acted as a catalyst for the use of technology and data by several businesses irre-

spective of their scale of operation. This dependence has led to elimination of 

human intervention in key areas such as strategic price management of products. 

Artificial Intelligence (‘AI’)/ Algorithms altered the way traditional businesses 

are conducted, both in terms of analyzing the consumer data and tracking a com-

petitor’s business activities.  

In this article we will analyze the effect of algorithms on markets. In this 

section the author elaborates on possible collusion or anti-competitive conduct 

which may be facilitated by the use of AI. We will further explore the possibility 

of formation of cartels by the use of AI with direct or indirect human interven-

tion. AI changed the perception of risk involved in carrying out business in the 

markets. Pricing algorithms have further affected the way businesses monitor 

and price their products in real time.  

In the next section, the authors will examine the concept of Tacit Collusion. 

Due to lack of information flow and technology such as today at the time of 

framing antitrust laws, tacit collusion was considered not sustainable and harm-

less in the long run as cartels formed during tacit collusion are highly volatile 

and unstable. In this section, the paper discusses how information symmetry in-

creases the longevity of tacit collusion. Further, the author discusses the 
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possibility of attaining sustainable tacit collusion and increase information flow 

through use of AI, which can prove detrimental to market dynamics.  

The next section of the article discusses the concept of signaling. Signaling 

simply means to indicate. A player would increase the price of his/ her commod-

ity with the hope that the competitor, without any communication, would notice 

and also match his price thereby selling the products sustainably at a higher 

price. A problem in such mechanism is usually the lack of communication be-

tween the competitors, mistrust amongst the competitors, human urge to devi-

ate from such a system to reap maximum profits and most importantly time 

taken for the entire process. Signaling and AI play a dynamic role in the longev-

ity and feasibility of tacit collusion. The article discusses the ability of AI to de-

crease the costs and the time frame involved in signaling, thereby facilitating 

tacit collusion without direct human intervention. The authors also discuss var-

ious scenarios where such an interplay between AI and signaling shall lead to 

sustainable tacit collusion, which shall not only be detrimental to market condi-

tions but also disincentivizes any deviation from cartels.  

The authors finally explain the importance of know-how and why research 

and staffing should be increased in the area of analyzing effects of digitization 

on the markets and how cartel operations can be affected.  

Keywords: Artificial Intelligence, Competition Law, Tacit Collusion 

Introduction 

 A marketplace is generally a platform facilitating a dialogue between buyers and 

sellers in a particular area or region. This marketplace then defines the price (Compe-

tition Act, 2002, Sec.2(o)) of a commodity or performance of any service based on the 

supply and demand in the region. With onset of technology, traditional markets now 

include digital markets. These markets can be divided further based on the number of 

buyers/ sellers present in the market, which affect the demand and supply capabilities 

in the markets. Some types of market structures based on competition include: 

1. Perfect Competition 

2. Monopolistic Competition 

3. Oligopoly 

4. Oligopsony 

5. Monopoly 

6. Monopsony  

This paper focuses on oligopolistic markets where prevalence of tacit collusion is 

generally higher. Tacit collusion occurs in a market when few businesses act in a spec-

ulated manner without any interaction in order to maximize benefits at the cost of 

affecting consumer welfare. Tacit collusion may not result in the ideal monopolistic 

price as the firm would achieve in case of explicit collusion (anti-competitive having 
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appreciable adverse effect on competition) but falls short of best collusive equilibrium 

whilst protecting the companies from the claws of anti-trust regimes.  

Under Competition Law, “agreement” refers to any arrangement or understanding 

or action in concert(Competition Act, 2002, Sec.2(b)) while an “anti-competitive agree-

ment” includes any agreement which is likely to cause an appreciable adverse effect on 

competition (AAEC in India).  It is also already established that all forms of parallel 

pricing are not anti-competitive but only the ones which are a direct result of agree-

ment between competitors that are objected by the authorities (Baker, 1993). Tacit 

collusion may occur as conscious parallelism, where the market leader increases or sets 

the price and other operators in the relevant market follow suit without any agree-

ment. These collusions also attract scrutiny by authorities since the businesses may 

obtain benefits at the expense of consumer welfare.  

This is a recurring and unsolved issue bothering economists and anti-trust author-

ities due to interdependence of competing businesses in an oligopolistic market. “When 

a market consists of very few sellers of homogenous products, they may be able to set output 

below, and prices above, the competitive level with no formal agreement” (Posner 1968, p 

1562). It is also accurate to state that markets witness a high risk of collusion when 

they are highly concentrated due to similar pricing structures, output limit, barriers 

to entry, or the business design in the relevant market which is highly predictable 

(Ittoo Petit, 2017). Many economists recognize that greater transparency and flow of 

information act as a component of perfect competition in the market (OECD, 2012). 

Digital advancement enabled increased flow of information and allowed companies to 

enter new markets without huge entry barriers, which, if compelled to enter through 

the brick and motor route, would have not been successful (Ezrachi Stucke, 2016, p. 

6).  

With a growing number of businesses using big data and pricing algorithms to set 

new pricing models or predict market trends, tacit collusion between such businesses 

is on the rise. Antonio Capobianco observed that “When markets are sufficiently transpar-

ent and the retaliation lag is sufficiently small, collusion can always be sustained as an equilib-

rium strategy, no matter the market structure. (Capabianco Gonzaga, 2017)” Such trans-

parent pricing models when coupled with the use of pricing algorithms diminish the 

incentive to reduce prices as any price change is easily matched or reiterated by the 

competitors (Price-bots Can Collude Against Consumers, Economist 2017). Thereby 

making the use of ‘signaling’, a feasible tactic, to increase profits by price hike rather 

than engaging in long term price wars or pricing the products at competitive rates. 

This transparency compels competitors to involuntarily be a part of each other’s pric-

ing strategy, which needs to be scrutinized if such pricing is supra competitive (Ezrachi 

Stucke, 2017). This interdependence often acts as hindrance in competitive pricing of 

products. 
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Artificial Intelligence 

Artificial Intelligence has the potential to analyze market trends to a micro level 

including every minute detail and does not suffer from the disadvantage of human er-

ror. It also takes away the element of human bias which stand out from the framework 

in which the anti-trust regime was established (Smejkal, 2017). This implies that the 

algorithms adapt to dynamic pricing in such a way that it maximizes the profit by 

changing prices without the risk of detection and at the expense of consumer welfare.  

Digital markets can be assessed instantly due to increased transparency and exist-

ence of mechanism to analyze prices and trends of all competitors and related busi-

nesses on the internet. This is a perfect competition model. Applying Prisoner’s di-

lemma to this situation would mean that two competitors would not be able to com-

municate and thus engage in price wars with each other, resulting in consumer gains. 

But with the presence of AI, we witness the opposite as they simply follow the direc-

tions to maximize the profit without any concerns. Any price alteration by one AI will 

result in other AIs following suit, thereby leading to higher prices which otherwise 

would have not been possible without them. Essentially, this would harm consumer 

interests. One of the best examples is the pricing of the book “The Making of a Fly” on 

Amazon for 23 million dollars per copy. Two algorithms strictly followed the codes 

which conflicted, and due to the absence of price ceiling, it resulted in exorbitant prices 

(Solon, 2019). The mistake was later rectified, and the prices were dropped manually.  

Errors may not be so obvious every time, which may be at the expense of consumer 

welfare leading the customers to shell out more than a competitive price. Machines 

have the ability to do away with human error which makes it collude, in ways we may 

not even factor, making it a top priority across all the agencies to understand their 

working and ability to collude. The European Commission and various countries have 

started to dig deep into these new challenges (Tirole, 2019).  

Algorithms may be used in many ways to collude with competitors in the markets. 

Ariel Ezrachi and Maurice Strucke highlight 4 types of collusions in which Algorithms 

can facilitate cartels (Ezrachi Stucke, 2017). They are broadly known as the Messenger 

Model, Hub and Spoke Model, Predictable Agent and Digital Eye or Self Learning 

Algorithms. However, anti-trust agencies are yet to see cases with respect to Predict-

able Agent and Digital Eye models.  

Messenger Model is one of the straightforward models in which algorithms are 

merely used to enforce the decision that humans have already agreed upon. Algorithms 

are simply a tool of enforcement under this model. The current laws are well equipped 

to deal with such cases and also to penalize any form of cartels under this model. This 

does not fall under the category of tacit collusion as there is express communication 

between the parties to collude. The AI does the job for the cartel members by tracking 

the prices real time and any defection could be met with price wars within milliseconds, 

thereby disincentivizing any member to break out of the cartel. In a way, the use of AI 
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is in the better interests of the cartel. The poster cartel (United States of America v. 

David Topkins, 2015) in the US and UK is one the typical example for such type of 

cartels. In the said case, both the companies used AI to implement cartel decision 

agreed between the parties. Respective anti-trust agencies from both countries found 

the parties to be guilty of their conduct and were fined accordingly. Such cartels are 

per se illegal and once detected by the authorities have little or no scope of a valid 

defense. This also raises questions as to whether heterogeneous marketplaces like Am-

azon are also easily susceptible to collusion when pricing algorithms take over (Lynch, 

2017). 

In Hub and Spoke model, competitors in the relevant market use third party algo-

rithms to determine and set prices of their product. This enables companies which do 

not have separate advanced software teams to use third party AI to analyse the market 

data and adopt dynamic pricing in real time, helping them to tackle pricing problems. 

When these companies start to increasingly rely on third-party developers for their 

algorithms, then these third parties may facilitate collusion, with or without the con-

sent/ knowledge of the competitors. The chances of these collusions increase when a 

greater number of competitors use the services of few common algorithm developers.  

The Uber Technologies Inc. case (Gal Elkin Koren, 2017) is an example of this 

model. The drivers are similar to spokes with Uber as the hub. Uber uses pricing al-

gorithm to set prices for ride by the drivers which analyses the demand and supply at 

a particular time and area. The algorithm decides when to charge surge pricing and 

normal pricing. This effectively kills the competition between the drivers in the area 

resulting in higher prices for the customers. The algorithm analyses the market so 

that customers do not shift from Uber to alternate means while extracting from them 

the maximum fare possible.  

Another example is the ETURAS case (Eturas UAB v. Lietuvos Respublikos 

Konkurencijos Taryba 2016; Zupancic, 2016) where the travel agencies resorted to the 

same company to set the prices for them. Then the developer along with 30 other 

travel agencies colluded and set the maximum discount limit to 3 percent under the 

pretext of normalizing competition. This has effectively led to concerted practice as 

no member was able to discount more than 3% on the prices for the customers. They 

were later penalized by the courts when detected by the National Competition Author-

ity of Lithuania. One major concern which arose in this case was the identification of 

all such travel agencies that were directly involved in the concerted practice as the 

mail restricting the discounts to a maximum of 3% wasn’t sent to all the participants. 

The Court ruled that the agencies which were aware of the contents of the mail are 

deemed to be part of the cartel due to their inaction.  

But the concept of predictable agent algorithms is set to react to price changes by 

the competitor without any interference from humans. Example for such a model is 

the case discussed above “The making of a fly”. The pricing algorithms are set to react 
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to the algorithms of the competitors without any need or intervention by the humans, 

which leads them to conscious parallelism with higher prices and the risk/ human er-

ror factor is removed. This means that both the pricing algorithms see what’s best for 

the company and while analyzing and understanding the competitor’s algorithm they 

tend to price the product at supra competitive prices which would be beneficial for both 

the competitors. Predictable agent model poses additional problems by stabilizing tacit 

collusions based on data. 

Tacit Collusion 

Tacit Collusion in traditional markets is highly unstable, and as discussed above, it 

is due to the human factor involved in trusting the competitor to react in the same way 

as oneself. This uncertainty is the main reason why tacit collusions are considered 

unstable. But with algorithms in place, tacit collusions in the context of digital markets 

are maintain greater stability (Ezrachi Stucke, 2016), which might be a concern for 

anti-trust regimes around the world. Tacit collusion "refers to forms of anti-competitive 

coordination which can be achieved without any need for an explicit agreement, but which 

competitors are able to maintain by recognising their mutual interdependence. In a tacitly col-

lusive context, the noncompetitive outcome is achieved by each participant deciding its own 

profit-maximising strategy independently of its competitors" (Algorithms and Collusion, 

OECD, 2017) Tacit Collusion is not considered anti-competitive because of absence of 

communication where companies set prices supra competitively with the speculation 

of increasing profits. Understanding joint benefits and increasing the price unilaterally 

is not considered anti-competitive as the firms are merely behaving with a goal of 

profit maximization (Brooke Grp. Ltd. v. Brown & Williamson Tobacco Corp, 1993). 

But with the dawn of pricing algorithms, which have the ability to collude, there 

are new concerns that the anti-trust agencies are facing, as collusions are difficult to 

detect (Thiemam Gonzaga, 2016). Algorithms can be programmed to monitor price 

variations, collect market data, and automatically retaliate to any change in price or 

against any deviation (Kaylynn, 2019). As a result, market equilibrium could be reset 

to higher price or lower output entirely independent of human thought (McSweeny 

O’Dea, 2017). Collusion is illegal in the eyes of law and any form of agreement, inter-

preted in the widest sense, is used to detect and punish such collusions. But tradition-

ally all the courts or enforcers have focused on human behavior to detect such collu-

sions (McSweeny O’Dea, 2017).  

The use of algorithms, across industries, to set and monitor prices have created an 

unprecedented level of transparency in the pricing of the products, which is done real 

time. This has also allowed the competitors to react in the quickest sense possible dis-

incentivizing price wars among the competitors to capture additional market shares 

(Algorithms and Collusion, OECD 2017) and attaining the benefits of a cartel. This is 
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recognized as problematic by many jurisdictions across the world due to lack of proper 

facility and jurisprudence to tackle new problems that this digital era brings to the 

table with the use of algorithms (Capobianco et al, 2017). Tacit collusion through al-

gorithms is more probable and feasible in oligopolistic markets especially with homog-

enous products as the ability to track behavior, analyze market trends and competitors 

is increased and can easily detect any deviation due to similar market conditions 

(Guidelines on the Assessment of Horizontal Mergers under the Council Regulation 

on the Control of Concentrations between Undertakings, 2004).  

“Conscious parallelism would be facilitated and stabilized to the extent (i) these the rivals' 

reactions are predictable, or (ii) through repeated interactions, the firms' pricing algorithms 

"could come to 'decode' each other, thus allowing each one to better anticipate the other's reac-

tion."” (Ezrachi Stucke, 2020) Complex algorithms have higher capacity in providing 

companies with powerful automated mechanisms to monitor prices, implement com-

mon policies, send market signals or optimize joint profits. They may even have the 

ability to differentiate between intentional deviation from the conscious parallelism 

and initiate reactions to market circumstances, avoiding unwarranted retaliation.   

What is unique to algorithms is the speed of signaling and retaliation which change 

the markets exponentially. Algorithms have the ability to detect any change or devia-

tion almost immediately, which then does take into account myriad of moves and coun-

ter moves to tackle the price change by the competitor, keeping in mind the profit 

implication of the feasible retaliation (Priluck, 2015). With unlikelihood that a player 

would benefit from deviating or discounting, there is a higher probability of sustaina-

ble price parallelism/ tacit collusion (Hwang Kim 2006; Minga et al. 2003). When the 

speed of retaliation increases, it would imply that any price war would not be beneficial 

for the competitor, disincentivizing any discounts given by the firms, making tacit 

collusion sustainable as competitive price is no longer the norm while supra competi-

tive prices are also matched (Shell/ DEA, 2001).  

"The retaliation mechanism must be sufficiently plausible and effective to counterbalance the 

existing degree of probability and incentives to deviate in the market situation of the individual 

case ... If the parties take the view that retaliation is costly, then the cost of deviating by winning 

a contract in deviation from a coordinated pattern in the first place is very high, too, and reduces 

the likelihood of such action. " (Ezrachi Stucke, 2020)  

As per the OECD report, several businesses use online software and complex algo-

rithms to analyse the web and study the prices of competitors meticulously, which a 

normal consumer is not able to do. They have the ability to compare and analyse hun-

dreds of pricing strategies and of not only their market but also that of up and down 

stream markets as well alerting in case of any unusual deviations (Commission Staff 

Working Document: Preliminary Report on the E-commerce Sector Inquiry, 2016). 

In a survey conducted by the Portuguese Competition Authority it was found that 

around 40% of the companies used specialized algorithmic software to monitor the 
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market and around 80% of these companies have altered their prices in response to the 

information obtained through these algorithms (Digital Ecosystems, Big Data and Al-

gorithms, 2019). 

Signaling 

One of the most common form of tacit collusion is through price signaling. In this 

model firm A increases its price with an anticipation that firm B would also respond to 

this by increasing its price. Firm A undertakes the risk of losing out on profit until 

Firm B responds i.e. the loss it incurs during the time taken by Firm B to understand 

the signal and react to it. It might also be a case where Firm B does not respond to the 

signal at all which is the risk that Firm A undertakes (Harrington Jr.Zhao, 2012). Due 

to this process, tacit collusion has not been considered anti-competitive in terms of 

anti-trust laws. Authorities also recognize that restricting a company’s profit maximi-

zation motives can have a higher adverse effect on the market. Such behavior by com-

peting businesses is considered rational behavior of the competing firms which take up 

the risk with uncertainty (McSweeny O’Dea, 2017). 7th Circuit Court, Judge Richard 

Posner articulated such a mechanism in the High Fructose Corn Syrup decision: 

“If a firm raises price in the expectation that its competitors will do likewise, and they do, 

the firm’s behavior can be conceptualized as the offer of a unilateral contract that the offerees 

accept by raising their prices” (High Fructose Corn Syrup Antitrust Litigation Appeal, 

2002)  

Price signaling is any price set by the competitor which is higher than the lowest 

price of the product set by the firm and had failed to attract or has seen a diminished 

demand for the firm’s product (Yvonne Kevin Mark Stephon Vernon, 2004) or as a 

price which is higher than that of the predicted competitor’s price choices (Davis Kore-

nok Reilly, 2010).  

 Tacit collusion is a bigger problem when it involves large conglomerates or where 

firms have multi market interactions. Niklas Horstmann analyses the situations that 

favour these big business houses which have contact with a competitor in not one but 

in multiple markets.  

“According to this strategy firms are able to signal their intention for collusive play solely by 

sharply raising their price in a market. Clearly, in the short run such price signaling will yield 

opportunity costs as the signaling firm experiences a corresponding sharp decline in demand. 

However, if the other firm recognizes the collusive price signal and reacts to it accordingly, i.e., 

by raising its price as well, then tacit collusion can emerge in this vein without the need for 

explicit communication.” (Horstmann Kraemer, 2016) 

This arises when large businesses have multiple contacts in different markets with 

same competitors. There is an apprehension that if the firm engages in aggressive 

pricing in one market this might lead to initiation of a price war in all the common 
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sectors between the companies, hence creating a disincentive for the firms to do so 

(Edwards, 1955). Further this allows the firms to increase price in one common market 

and check the response of the competitor in its behavior by subsequent price increase, 

which indicates the success of price signaling. This would ease the need of any neces-

sary communication in other relevant markets as they have already tested the signal-

ing and now have the liberty to increase prices across sectors. Price signaling in a 

single market is equally effective as to signaling in multiple markets without actually 

taking the risk of losing profits in multiple markets or products. 

Considering the difficulties involved in price signaling, price signaling was not held 

to be anti-competitive as time taken to respond and the risk involved outweighed the 

possibility of a stable collusion. More over any price parallelism occurring due to such 

signaling was considered as market driven prices. Price announcement presents others 

in the market with “an economic reality to which all other competitors must react,” as 

was held by the district court in the Automobile Fleet Sales case in 1974 (Automobile 

Fleet Case, 1974).  

Professor Turner had explained why price signaling and tacit collusion shall not be 

violative of competition law. “One was that challenge to oligopoly pricing would be 

tantamount to challenging the industry structure per se, which is not an appropriate 

application of the concept of conspiracy. Two, it was impossible to draft an injunction 

against further violations. It is simply not feasible to demand that companies in an 

industry consisting of three firms behave as if they were in an industry with 100 par-

ticipants” (Turner, 1962). It is only natural for competitors in oligopolistic markets to 

price based on the pricing strategy of the competitor and it should also be understood 

that the marginal costs in such markets (traditional) are often the same. Hence pricing 

based on competitors pricing often is the only choice as they are interdependent (Kes-

tenbaum, 1980).  

The economics of digital markets is different as the main focus for such is the scale 

of operations primarily rather than profit motive. Signaling works differently in digital 

markets, where the tech giants use algorithms to set prices and even use them to signal 

their competitors. This means the dependence on MNC’s on pricing algorithms would 

mean that the cost of signaling is reduced to negligible as signaling is real time. That 

is when pricing algorithms are set to adjust prices based on the pricing of competitors 

which reduces the signaling time to mere seconds thereby making the risk of signaling 

by a competitor negligible.  

This kind of information flow can be well explained by the “gas station” example as 

illustrated by Carlton, Gertner, and Rosenfield in their article (Rosenfield Carlton 

Gertner, 1997). In a hypothetical situation, there are only 2 gas stations in a town set 

across each other whilst incurring identical costs. Both the gas stations have huge 

billboards displaying price of the fuel and either of them can change price by merely 

changing it on the billboards (Rosenfield Carlton Gertner, 1997). The authors, in the 
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article explain why pricing below the monopolistic does not make any sense as both 

the competitors know that neither would be in a position to gain or steal any of the 

customers as any price reduction shall be matched immediately. It is economically 

more logical to match the price than to undercut as both the players will not gain on 

the consumer front. The main factors which increases the sustainability of tacit collu-

sion include reaction period, extent of incomplete information, industry concentration, 

and asymmetries between the firms (Rosenfield Carlton Gertner, 1997). A relatively 

recent example is that of Amazon and Flipkart sales (deep discounting). One peculiar 

thing to note is that the dates of these discounts are identical i.e. October 17th and 16th 

respectively. This shows that information symmetry cancels out any benefits of price 

wars as both the platforms were not in a position to steal consumers from the other. 

This above example might not exactly be the case of causing harm to consumer welfare 

but portrays exactly how any deviation from supra competitive prices might be disin-

centivized, when price deviation is met immediately and future price signaling is made 

possible. 

Conclusions 

Algorithms and machine learning have increased transparency and the ability to 

monitor competitors to new unprecedented levels. They have greatly enhanced con-

sumer experience and their interaction with business. They have improved the quality 

of life and the ease of doing business. But the fact that majority of these algorithms’, 

functionality and capability of these algorithms, are not comprehensible by general 

public cannot be ignored. Keeping in mind the high innovative nature of the markets 

and networking effects that are existing in these markets, careful and diligent inter-

vention is warranted by Competition authorities.  

It is important to understand the transformation of the concept of signaling with 

the use of algorithms. The biggest challenge faced by the authorities is the technical 

know-how with respect to the algorithms used and their capability/ feasibility to en-

gage in sustainable tacit collusion. Like solving any problem, it is imperative to first 

analyse the problem at hand before dwelling into the possible solutions to tackle the 

issue at hand. Identifying and analyzing the codes of algorithms efficiently, would en-

able the Competition Agencies to bring these under the purview of the existing re-

gimes or gauge the economic harm on the competition and the requirement of a mod-

ification in the existing regime to tackle these issues. To be more precise we need to 

analyse the impact of these algorithms on the hypothetical “Competitive Price” of the 

products.  

Many advanced jurisdictions have taken cognizance of the challenges posed by the 

algorithms and the necessity to improve the investigation capabilities to tackle these 

challenges. The French and the German authorities have undertaken a joint study to 
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analyze the challenges pertaining to Algorithms and Competition Law, emphasizing 

on the need to increase agencies expertise on algorithms to deal with the problems 

(Algorithms and Competition, Autorité de la concurrence and Bundeskartellamt). Eu-

ropean Commission are in the process to launch the new Digital Services Act, which 

focuses on getting information and analyzing the capabilities of the algorithms used 

by the big tech and their impact on markets and Competition Law (Big Tech Will 

Have to Open Up Their ‘Black Box’ Algorithms for Regulatory Scrutiny: EU Compe-

tition Head, Medianama). The United States has also introduced the bill, Algorithm 

Accountability Act, 2019 which is yet to be passed, with the objective to hold the big 

tech companies accountable for the activities of the algorithms and to understand the 

functioning of these algorithms.  

It would be safe to state that, as one of the growing and sizable markets, India also 

faces significant challenges from the algorithms employed by the big tech markets 

which view India as a key market with almost over a billion users. It is imperative for 

the Competition Commission of India to improve their existing investigative setup to 

tackle the novel challenges or to be in a position to take cognizance of the challenges 

posed by these algorithms. The Competition Commission of India, though a nascent 

regime is however, compared to its long-established western counterparts, been in a 

position to tackle novel challenges faced in digital economy taking a cautious approach 

without overregulating and risking any disruptions in the highly innovative market. 

We are yet to see how the Commission and their investigative wing approach the 

problem of algorithmic collusion, as the need for analyzing the functions and capabil-

ities of the AI in the sphere of Competition Law cannot be emphasized enough.  
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